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Abstract: This study introduced Zero-inflated Poisson/Negative Binomial modeling
(ZIP/ZINB) technique and its applications to the research of social sciences.
Hoping to help readers to better understand and feel comfortable to use these
analytical tools the author took an example about induced abortion in China to
demonstrate major concepts analytical strategies and advantages of ZIP/ZINB
modeling technique by comparing the analytical results of ZIP/ZINB with the
Poisson/NB results.
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Abstract: The post-war Japanese intellectual community which grew out of
associations and publications is a mechanism of social introspection. The way it
affects the society is different from that of the establishment. The value orientation of
post-war Japanese intellectual community bears an internal connection to Japan ‘s
economic growth and social change in both theory and methodology it has gone from
Modernism Marxism Anti-Modernism to a mass-based perspective on histories and
social histories. This thesis attempts to examine the transformation of post-war Japanese
intellectual communities by tracing the historical use of terminologies like “the
peoplé’  “the general public” and “the citizen” thereby argues for a specific

approach to analyze post-war Japanese intellectual communities and their implications.
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Abstract: This paper tries to explore the situation of the concept of space in the
history of western sociology and lays open the sources of thought the basic
characteristics and the theoretical meaning of the turn of space in contemporary
western sociology. This turn understood the concept of space as a social ontological
concept absorbed and transcended the objective and subjective theories of space. It
criticized objectivism universalism and historicism. But its perspectives of space
tangled with Cartesian dualism in different degrees and have been limited by the
dualism of time and space. Hereby the author forecasts a reconstruction of the
concept of space.
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