0LS
o1S
CGSS 2003
01S ( )
oLS
0LS (
2005; 2004 ; N 2000; Hampton 2003; La

Due Lake & Huckfeldt 1998 ; Pinkster & Volker 2009) .

OLS :

OLS o

OLS o
OLS o

OLS

” . (05CSHI7)
(05JA840004)

106



~OLS

OLS
OLS

(inefficient) «

(Long 1997: 217; King 1988) .
: OLS

o

(DeMaris 2004 : 352) .

(
0
0
0
(n
+n) OLS
Y o
(Wooldridge 2002: 645) .
Y
OLS
o OLS

OLS
OLS
OLS
)o

(DeMaris 2004: 353).
Y

OLS
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2010.4

(Krain 1998).

(Poisson regression) . (Negative binomial regression)

(Zero-inflated model)  (Long 1997: 221 -247) ., @

( Cameron & Trivedi 1998 ; Winkelmann 2008) .
( StataCorp 2009 ;

Zeileis et al.  2008) o o

Y o E(y,! x,)
= exp(x,8) - o
0
0 OLS
o 0
OLS o
(over-dispersion) .
(contagion) o
Quasi-ML
Quasi-Poisson o
@ Tobit( )
(censored data ). (corner solu—
tion) o Tobit
@ Long 1997 ; Cameron & Trivedi
1998.
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1) o

TEQ 1 %) = exp(x8)* 6, 5, v;
(Gamma) o (identification)
TE(S) =1 v, =a ' (fora <0). ¥,
o¥i Var(y; | x) =,
+ auf M o
()
o 13 ”» O
[43 0 ,70
0 ”1
({3 0 ”D
0 0 o 0
o O
logit ;
o 0
“ O »
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. (nested)
(likelihood test) (Cameron &
Trivedi 1998) N
Vuong

(Vuong 1989).

CGSS 2003
OLS 0
( 2005 ; 2004 ; . 2000) .
OLS .
CGSS 2003
()
2003
(CGSS 2003) .
2801 . ; . ;
1 0®
5279 ) 2687 50.9% ; 4831
91.9% ; 1070 20.3% . 44
10370 8000 12900. 67 .
@ (www. chinagss. org) .
@

. 5297
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( 2007) -
L.
7 5.25 4.86%
O o “«
N N ?7
28.24 4.711% 0
( ).
1
5.25 28.24
270. 89 821.40
0 4.86% 4.71%
4852 4779
1) .02)
(5297) .2
2.
( 2005; 2004; N
2000) o
o CGSS 2003
@ €GSS 2003 . .
@ (5297).
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(Halpern 2005) .

(Putnam 2000) »

& Kwak 2003) .

( 2004) N ( 2005)
( N 2000) - “
- ) /10,
()
1
Quasi—Poisson
1.
(D “ ”
1.
0
0
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@)) OLS 0

0 o
1 2 2 ( N
\ ) o
) Quasi-Poisson OLS
o Quasi—
Poisson OLS
3) 4
4
(Halpern 2005) ;
o 4
( 2004)
1 4 2 3 ;
OLS o
o 1. 2

113



2010.4

1 2 3 4
OLS OLS Quasi Negative
Log Log Poisson Binomial
( ) | +.01)
Coefficient | S. E. | Coefficient | S. E. | Coefficient | S. E. | Coefficient | S. E.
.93 .10 .96 ™ .13 1.34* .34 1.31™ .13
.03 .06 | -.06 .08 .25 .21 .20° .08
-.06™ .02 | -.10™ .02 .01 .05 | -.02 .02
.01 .03 | -.03 .04 .13 .09 .10 .04
.077 .04 .07 .05 | -.07 .13 ) -.04 .05
-.07" .03 | - 11 .04 | -.30™ .09 | -.24™ .03
.03 .06 .08 .07 | -.02 .18 .01 .07
.03 .06 | -.03 .07 .04 .19 .02 .07
22" .10 11 S12 .16 .34 .13 12
.08 .06 L1 .07 | -.07 .18 | -.01 .07
’ T .00 2| - 14 15| -.02 .40 | -.01 .14
.06 .05 .02 .06 .05 .15 .04 . 06
127 06 | 12 .07 19 17 J18% .07
L1007 .05 .08 .07 .59 .15 .52 .06
.16 .06 .14 .08 .18 .18 .23 .07
.06™ .02 . 047 .02 .06 .05 .06 .02
-.00 .01 | -.00 .02 | -.01 .05 | -.01 .02
-.02 .06 .00 .07 | -.01 .18 .00 .07
(>= )
.04 .04 .08 .05 .01 .13 .04 .05
(>= )
Theta — — — 1.17 .03
3524 3684 3684 3684
AlC 9152.33 11491. 59 — 20706. 99
1) . 2) 0 - 3) “ N
7 . 4) AIC
o AlC o o
+ p<0.10 * p<0.05 =##p<0.01,
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( 3)
o 2
27 ( 0.05 )
3 13 o (
28.24) . 3
(@) OLS 0
(2) Quasi—Poisson
0.05( 0.054) .
3) : \
1
2 o 3 4
OLS . 3 4
( 2004 ; .
2000; 2005) .
(assortative mixing) RO
(
2005) .@ o
3.
2 3
D Goodreau et al. 2009:105 - 106,
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3

1 2 3 4

OLS OLS Quasi Negative

Log Log Poisson Binomial

( ) |( +.01)
Coefficient | S. E. | Coefficient | S. E. | Coefficient | S. E. | Coefficient | S. E.
2.74™ L12 2.69 ™ .17 3.25™ 12 3.19™ .11
.00 .07 | -.08 .10 | -.03 .07 | -.02 .07
-1 .02 | - 13 .03 | -.09™ .02 | -.08* .02
.04 .03 | -.097 .05 .00 .03 .01 .03
.14 .05 .21 .07 .14 .05 .14 .04
-.18™ .03 | -.26™ .05 | -.23™ .03 | -.21 .03
17| .06 .10 .10 147 .06 J12% | .06
—-.02 .06 | - 177 .09 | -.02 .07 | -.03 .06
.36™ .11 327 .16 .39 .11 .38 .11
.02 .06 | -.11 .09 | -.04 .07 | -.03 .06
0 -.04 14 - 17 .21 | -.02 .16 | -.03 .14
J127 .05 .07 .07 137 .05 127 .05
.18 .06 .20° .09 137 .06 157 .06
.04 .06 .05 .09 .09 .06 .07 .06
7707 .06 .10 .06 .07 .08 .07
.00 .02 .02 .02 | -.01 .02 .01 .02
.07 .02 12 .02 .06 ™" .02 .06 .02
(> = .02 .06 | -.00 .09 | -.02 .06 | -.03 .06
(> = .06 .05 147 .07 .05 .05 .06 .05
Theta — — — 1.27 .03
3463 3610 3610 3610

AlC 9632. 57 13018. 84 — 32482.42

1) . 2) 0 - 3) “ N
+ p<0.10 * p<0.05 ##p<0.01,
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( size of effect)
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3. 4. Theta 0.75
1 1.25 1.5 o
R (R Development Core

Team 2010)

: N OLS
(OLS:y). log( +0.1) OLS OLS:log(y +
0.1) - 0 OLS

OLS:log(y) Iy >0) - 500 “
»
( 1-9
-0.15-0.10-0.05 0.00 0.05 0.10 0.15
| ] | | | | ]
a=1 5 theta=1.5

— — 05

= — 04

— — 03

@2 — — 02
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3 — o1
g — — 00
B
‘w05 — -
s
s 04 . —
03 — % A =
. 3 A
02 = & \ & -
0 I — +* ++ * | —
T T T T T T T T T T T T
-0.15-0.10-0.05 0.00 005 0.10 0.15
size of effect
Negtive Binomial -=- OLS: log(y+0.1) .
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1 @)
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(Box & Norman 1987:424)

»
(van der Poel 1993: 5 )
( 67
B).
OLS
Model 1 Model 2
Coefficient S.E. Coefficient S. E.
1.31* .13 3.20* 11
.20" .08 -.01 .06
-.02 .02 -.08™ .02
.10 .04 .03 .03
-.04 .05 137 .04
-.24" .03 -.20" .03
.01 .07 .13" .06
.02 .07 -.01 .06
.13 .12 .39 .10
-.01 .07 -.01 .06

123



2010.4

1
Model 1 Model 2
Coefficient S.E. Coefficient S. E.
NN -.01 .14 -.01 .13
.04 .06 12 .05
.18 .07 15 .06
.52 .06 .07 .05
N N .23 .07 .10 .06
.06 .02 .00 .02
-.01 .02 .05 .01
.00 .07 -.03 .06
.04 .05 .04 .04
Log(theta) 17 .03 .43 .03
0
-22.98 7931.28 -4.21" .89
-.70 5458. 18 -.86 1.25
-.78 3596. 46 -1.40% .75
1.59 7987.43 .97 .89
3684. 00 3610. 00
Vuong ( vs.
) p-value 0. 4666819 p-value 4. 65622¢-06
1) 0 2) 1 0 . 3) “ N
+p<0.10 * p<0.05 #xp<0.01.
2004 : » [« »
3 0
N 2000 y « Y ( 2)
<Ronald Breiger.Deborah Davis.Joseph Galaskiewicz 2005 ( N
» « Yy 4
2005 K » « Yy o4 .
— 2007 « : N Yy « )
3 .

Box George E. P. & Draper Norman R. 1987  Empirical Model-building and Response Surfaces.
New York: Wiley.
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University Press.
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community study and ethnic study. The Ethnos theory advocated by Shirokogoff is a

crucial clue to stand by in this study.

Moral Resource Mobilization and the Logic of a Rising Society in China
ceerere e Chen Yingfang 50

Abstract: Based on three comparative case studies of recent “Home Protect”
movement in Mainland China Hong Kong and Taiwan this essay explores how the
social movement actors mobilize moral resources and political ethics to resist the
urban development justified by fostering national interest. By revisiting Max Webers
writing on Chinese society and drawing insights from Japanese scholars” discussion on
the “Japanese/Asian model” as an alternative path of modernization the author
elaborates the hierarchical value structure derived from the imbalanced power
relationship between the state and the society to explain the institutional constrains
the emerging of citizen activism is facing and its implication to the changing state—
society relation. Urban social movements” strategic focus on cultural value and social
norm (manifested by the use of “home” as contentious discourse against “nation/
state”) has to be understood in relation to the complicated and changing interaction
between political institution and indigenous culture. It is argued that this approach

will shed light on the internal logic and actual possibility of a rising society in China.

On the Three Great Reforms of Chinese Trade Unions since 1949 «:----

cerrreree e eeeseeneeneees You Zhenglin 76

Abstract: As mass organizations Chinese trade unions are usually criticized for
becoming divorced from the masses of staff and workers. During the initial post—
Liberation period in the late 1980s and after the 2000s Chinese trade unions
carried out three reforms taking great efforts to improve the relationship between
trade unions and the Party promote the autonomy of trade unions” activities and
strengthen the defending of workers” rights hoping to change the unfavorable images.
This paper describes and analyses in detail the social backgrounds trade unions”
ideal images and consequences of these three attempts of great reforms respectively.

The driving power and the inherent limitations of the reforms are also discussed.

Studying Determinants of Social Network Size: Comparison of different

statistical models ~ ++++eeeeeeeeeeeeeeeee Hyang Ronggui & Gui Yong 106

Abstract: Whether OLS is an appropriate and effective model for studying
determinants of social network size has not been scrutinized systematically. Based on

review of statistical literature this article preliminarily explores potential problems of

244



OLS in studying determinants of network size and its alternative—negative binomial
regression model. Based on analysis of CGSS 2003 data set as well as simulation
this article finds that there is revealing discrepancy between OLS and negative
binomial regression model when they are used to estimate the effects of independent
variables on network size. It concludes that negative binomial regression model might

be more appropriate for estimating the effects of determinants of network size.

Classical Datong Society and Xiaokang Society in Early China «+-+----
feerere e [ Hongfei 126

Abstract: The prehistoric united settlement was formed by several normal
settlements  then complicated social strata emerged inside. The Taosi walled
settlement in the middle phase is the typical representative of the Datong Society
where all the social strata live in the vast walled settlement. Along with the formation
of Early China the society was transformed into Xiaokang Society. The Erlitou Site
and the Yin Ruins are the most typical instances in which social stratification can be

seen obviously on the mode of living in the settlement.

The Institution of Irrigation in Jinshui Area and the Spirit of [i A study
of historical anthropology <+eeseeeseeeeercecceccceccccs Zhang Yahui 143

Abstract: An integrated system of irrigation had appeared in Jinshui area since early
period of Ming dynasty. The system was composed by management part named
Quzhangjia and the distribution part named Luncheng. After the foundation of the
martial villages of the prince the irrigation system changed several times and was
eventually abolished when the Nanlao Spring dried up thirty years ago. The irrigation
system had been supported by the spirit of /i for seven hundred years before it broke
down. The intellectual government the local gentries and clans collaborated to
maintain the spirit of /i every time when conflicts of water usage broke out and

reformation of irrigation organization took place.
REVIEW

Reflections on Researches on China’s “Development” and “Development

Intervention”  ceeeeeerececeeceeecanees Zhy Xigoyang & Tan Ying 175

Abstract: The article reviews and comments on Chinas development intervention and
related researches from an anthropological perspective. It revolves around three

threads: (1) in the process of elaboration of doctrines of development over the past 30
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