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Abstract: In order to cope with various overloaded tasks pressurized from the higher
authorities some community residents’ committees selectively use fraud engage-
ment in formalism and even deceptive ways to carry out their daily jobs which is
termed as selective pressurizing-responding phenomenon by this paper. By construc—
ting a theoretical framework about the behavior logic and strategic choices of the gov—
ernment the community residents’ committee and the residents this paper tries to
explain why this phenomenon could happen and how it sustains itself in practice. On
the one hand the community residents’ committee severely lacks manpower re—
sources financial resources power and time resources which seriously compromises
their administrative capabilities therefore the community residents’ committee has
to selectively choose pressurizingresponding strategy to manipulate the overwhelming
tasks assigned from the higher authorities; on the other hand under the circumstance
of isomorphic responsibility governmental system and pressure-type administrative
system in order to secure political achievements the higher authorities especially
the subdistrict administrative offices tend to tolerate the community residents’ com—
mittee’ s deceptive behaviors and always take a permissive attitude towards residents
committee’ s selective pressurizing-responding.
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when interpreting the widelyknown powerdaw distribution in terms of social science
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vis-a-vis offline traditional media. When a debate goes on in Twitter there are two
major strategies. One is to use opposite concepts in the same discourse category and
the other is to bring in a new discourse category which has not been used by the con—
tending party.

The Methodology and Research Strategies of Mixed Methods Design and

its Application: In a case study of consumption patterns —«+-eeeeeeeeeees

............................................................... Zhu Di 146

244



